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O FT R (algocracy) @0 B ST IR G A5 2 U, B0k R E AL 2 AR R
3G e, T RSk S B AR 2 B4, 25 I S BN BE AR B if , SE it ik
B P AME RGA B, PAT T B AL AR B B R IEAL 25 PR SR AL 3R XS
THOI , L 2 0T LA R , BRI iy o OB S SR Y 0 A B A T
SR AL TS, SR BUN 528 RIS Ry M S, 7= Ap EoR B
SR IERBOAR AR . o, A SRR AL 17 5 R [l )i 25 BUA URIE S A
Al TSR A, AR R Z2 5 FRA B Be . $RFTSE G800 T B R B0A

B BIEER AR S ST B R HOR R R . ASCAA TR T(IRR S
i »2022 £E45 11 3],

@ Helen Margetts, and Cosmina Dorobantu, “Rethink government with A", Nature, Vol.568,
no. 7751 (2019 ), pp. 163—165; Serge Abiteboul and Gilles Dowek, The Age of Algorithms,
Cambridge: Cambridge University Press, 2019.

@ John Danaher, “The Threat of Algocracy: Reality, Resistance and Accommodation” , Philos-
ophy & Technology, Vol.29(2016) , pp.245—268.

® David Freeman Engstrom et al., “Government by Algorithm; Artificial Intelligence in Federal
Administrative Agencies”, NYU School of Law, Public Law Research Paper, no.20 —54 (2020).
Karen Levy, Kyla E. Chasalow and Sarah Riley, “Algorithms and Decision-Making in the Public Sec-
tor”, Annual Review of Law and Social Science, Vol.17, no.1(2021), 309—334.
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IR RN A By T B0 A2 6355 sh I ROAIA B, IF HESh B 44
RIS T HBGA B QT o

FEGEA I AR ST B B S A SECRI R R Bk
BAEMPLE N Ly WA ARE I AR RG2S ]OBE 7 Ak
Under R AR Y S HR B AN A Bk 7 RIAAE R A P AL S R
SRR AT AN ATTE " B AL 27 A BRI AR a7 I 2 BT () AR o L #0 J2
B [, SR T — BB T BOR 27 B i M RRAEZE o Y00, A RTHE 2
MR A AT BRI, FH B AR R G, B2 R AL A HE A RS B R = i, il
—BERF I S R A B A SARE , VAR B i B AR 7 IR A O
J3— BB N ST R AL, A T A R A SR, ARG AN IE S
RSB @ dnfaf BT 27 ) B o DLAA TR TR BRI R 7. ARBIE e 22 e S A R
FHNE MR AR TRV NS SEA T IBUR UG R RIRHE B 3k
SRR NEGA RIS

HATER (political representation) |5 75 LA TES 19 B4 AFT & ZRAF U H
Yy (ve-present) fHL2s , ZBUABUULA L LN A . AR TR, Buf
RFEAEREE T b e a7 A AR S A 56 B, i R 2SR AU 1Y
VR AN g% FUEBOR GE IR Ao S A 2 vh e i AU 1A T s EOR AU
FAESZ WG I T R R BTRoR . KA, B3 Pl o 2508
HOAUER I G LR TR o SR, 75 NFRBUA A TG AR Z 8, BOAR LR K R IFAR
FLAEAR B2 158 Bilan, 76 B PR s 17 24 p  fedt s sh i 4L
TE M2 23 A B R IR I8 2 b JR A il v 28 i IE U R (HE A =
WA ZANBGAIER N . e, AR AR T B T AR 2 B EIR A QSR R AT
R B ], BAER R AR A AR QB 5 F A o 3R AR T P A T
TR

DN ICAEE IR R BB 18 S I A AL, AT M M A UK
KARME T 2PN R . FIRGRR T AL BUA R N, dnfa HEsh (03

O HwRT (BUFBFAR I 2R B iR ——Aae " HORIKAE” 5 * HORRAL” 13
iKY , RGHERNETE) 2021 4E4 1 1.
@ R ERIRE A IE S RBARAE R , Bk 214 2020 4855 8 ]
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R B AR 8L RN TR SR Z M G IR BT, 46 Toik 1%
WAL GE AR AR ST JRE B AR 18] 5 A0 [l Bz B, AT T 32 i e it Az 478 i AR
FR A ML RIE TS T A AL A 535 g8 T 377 Bk,
A ZEFOH o EOA AUSR REE, 7 A Bl T A AU A R B R
AR

AT BEGA 2 BEE 9 A 25 56 TR0 BRI, SR AR LS5 U0k
T IBOA AR IR B ORI SRS , 22106 28 348 PR R B A~ A o

=\ XHERERR AR B A

FEGIR R A IR A BESOR B 09— Flopr B G816 Bk Fr FivG BB 2,
FREEAN WK B 5K B 5 AL ) (regulatory power ) | 4 il #4577 ( coercive
power) 15 FLPEAL JJ ( distributive power) , 1 BETE WGHT HY AL T 5 AUA G 3 B35k
TE“ "R BRI PEAG AR R R U B 5 7058 B ¢
FRIHTHY o AR UL AT IR S i R AE3R 2 B SRS g A X 4
PRI AR FEBIVESE 51N TS 3224 g4 N0 BRI 0 2 =46 &
U 5, TR [ SR A PR AP A N 22 B A A B 5EAE , | IR U0 B 25
IR R B4, TN S 4E I (Algorithmic Leviathan ) @, F& AT 02 dnfaf
BT R B R KR 7 %5 bt e BIBGA R IR IR S: h, I 4
KRB A AT IR -

ORI — D NI 454 52 2 MR W7 =R 5 v i B 2 B R
Z o MR LR L re-presentation (BUGATR ) 8 KA 4 sl & 1 BGA B,
BISEATE S HIAL 45 55 & 3R A% 7 B L2 (make present again) o @76 [] B
R AR RIS T 2 B A R AR, B 28 iy 52 B BRI 3R

@ Kathleen Creel and Deborah Hellman, “The Algorithmic Leviathan: Arbitrariness, Fairness,
and Opportunity in Algorithmic Decision Making Systems” , Virginia Public Law and Legal Theory Re-
search Paper, No.2021-13.

@ Dario Castiglione and Johannes Pollak, Creating Political Presence: The New Politics of Demo-

cratic Representation, Chicago: University of Chicago Press, 2019.
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P, B A R A B AU, A FE IR AR TR G T B SERY

B RS AR S AR BTE U = A% O BL A - 524 (authorization ) |
1] 5% (accountability ) Al 1] i ( responsiveness) o FL{AIM & , g CFRA 1 G 24k
[l BRI, M 45 B P AR N B BB AR 5 SRR AU AR
it 2 0] A A A i AR, ARG o B2 R B R 7 o 5 oA 1R
FAEAT A AR B ) 54T, 2 AR 1 W B ) 5 DA S 1
TR BIE R BAL | [7] 5E 0 (1] 137 1 3 A 2 S 1B 3 H , D228l o) B8 A Y e 26
R A Bkt BTN BOA RIS SR T UG F B i al, s
BRI Z B LUSOR F237 , 2 PR oA e 2 B 06 1 i B2 A0 R 1AL R SV R 50k
PERIBAANE SR, BN BEB A MRS

SR, BRSE IR A 16 AR BT A AR SR R AR E R 2 R o 4R
ok, B EOA R ARIR R, 46 H PR HR A 2183 A 55730 B R
RS AR T AT I 00 2% 155 L A5 25 , 1ok 26 Ul ) A28 56 R I F AR e 2 Fe e, (5
FARFRME 5 BE R T I AN T R AUR . PRI, Ok  2 ( BA BB KR
FUAT B AR R B 28 [ RS, PR AR 28 2 SN A [ B[] R ATL
PETE A AR 028 RUACER™ B B AT < 28— , AU BIE Hh DU Al 32 SCH% 1) (con-
structivist turn) @, f£ 58 RS RIBOARERTE T RARC I8 LA O 1R 45 19 1T
B, e FURRRE AN I 158 5 TRUAE A i 4, 9% I R ASUAR R 3l i 5 9 B ]
EAEAR 4 o (R, BRI i B 4 AN R SE A7 1 (preformed ) , U A
DU ARS8 4T AR o 00, ZERTEAR AR E 7 41D, 3
PEACER A AT 55 ST 4R i AR A ) G (Y S R , AR I AN DU R 3 X 1
W4T 3l B A RTIEYERY SO0, Z i A O 2 2R Ry . 3 UK
PN 1) Z2 TR 8 1 0 A I AR TR AR IS, BT B A

(@D Hanna Pitkin, The Concept of Representation, Los Angeles: University of Press, 1967.

(2 Mark Warren and Dario Castiglione, “The Transformation of Democratic Representation”,
Democracy and Society, Vol.2, no.1(2004) , pp.5, 20—22.

(® Lisa Disch, “The Constructivist Turn in Democratic Representation: A Normative Dead-
End?” Constellations, Vol.22, no.4(2015) , pp.487—499.

@ Michael Saward, The Representative Claim, Oxford; Oxford University Press, 2010.

® John Dryzek and Simon Niemeyer, “Discursive Representation” , American Political Science

Review, Vol.102, no.4(2008) , pp.481—493.
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R ICRHE S 5 IR SRR P i, 72 U i AR IE I T 1R R LLA
IR V5 AL, B R HE 8 5 R AL “ 21 (representation as advo-
cacy) @, RIE A (R0 Werd 22 A1) 45 () 22 ST RS b, Tl 3 2o e 2 2 45 M e
i ZESEPERIAN 25 o 5 = AR B R IRl A% A, 5 307 A HL 27 4% 1 22 Al
AR AR IS AT 5 18 FE AR R BV 3 T X I3 Jal i A B 3 AR 4 B¢
1L, 2 T A FRIR SRR R O R LA LY D, g AT EARACERSE
SERERIAS IR N B RESh & 2 5 AL H SR B, B0, fURE MR 9t
e xR TR W 2% 25 (0] k2 iz gy L FE BHA S OF A A7 O AL B BOA £C
o, WBA 2 20 ZeAt U Ry AR M 1Y B 3 2 5 SR B
Mo RAEHEILEE T 2 RAWERT Bt Ae, k2 Rl 1 F 22 i 42 O AL HE AT
KSR RS HIBTRE T AP R SR P THU R R

EARBEAARENE AT A R R B AR A RACSR RYBEIR HE ], X Lo
BN WU ACRNE S SR T fU3R" 5% e Z 1]
FRIRIER , S h BUSCEA A A URE R Y SRS . ISR R 1 B
IR G e E 3, 2 8 I AURBIE 1 Z o0 5t 9 AT B F0 kit 5 i
ORI R R P T B SO

ASCHESE " AR RUEIR AU BRI R, 2l - Sk AU i AR
TUERAES , T HlnA BILGEh T ABOUE sk 28 L B R BUA URE &
i 5 2, AR MR AR AL L R G A 18 A G BEFR 1Y iR ABAL 7]
TN [B] B A S B BOA ORI 3, AR B A IAERIA G iR T R EEARLEE M

@ Rousiley C. M. Maia, “Non-electoral Political Representation; Explaining Discursive Do-
mains” , Representation, Vol.48, 1n0.4(2012) , pp.429—443.

@ Nadia Urbinati, “ Representation as Advocacy: A Study of Democratic Deliberation”,
Political Theory, Vol.28(2000), pp.258—786.

(3 Jane Mansbridge, “A Selection Model of Representation” , Journal of Political Philosophy,
Vol.17, 1n0.4(2009) , pp.369—398.

@ Laura Montanaro, “The Democratic Legitimacy of Self-appointed Representatives” , The Jour-
nal of Politics, Vol.74, no.4(2012) , pp.1094—1107.

(® Mark Warren. “Citizen Representatives” , in Mark Warren and Hilary Pearse(eds.), Desig-
ning Deliberative Democracy; The British Columbia Citizens’ Assembly, Cambridge; Cambridge
University Press, 2008, pp.50—69.
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Bl , R AR AU 1 R B 1777 30, T8 U BOR BT T i At
SRAMFL R,

B, PR — Rl LA B A MLVE A&, M D A B HE SR A T PPAG B S
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AR IR T 52 38 , 2 B S 1 DLk AR al S W30 1) BEARUIR S . O
W BRI H 5251 { Q3% (substantive representation ) , SC5 P A PR
(descriptive representation) o FiI# & fEAF FEA L FEHRA B 7] 52 01 [ R 45 552 o
PEAREIG B0, J5 M S R RO ARICA B2 B L PRSIk
ARSI, B = A UR TR T AR AR, LB AR ICIA K
A2 I IE X ZATACHOC AR L (AR AR AT AR iy i AU SR 4R 1 119 fi 72
A TR AR ERAR N IKACR B AR A RAUKRIR AR 55 HESh L U A
PSRRI IE AR TR PETE H , FUFE R AR B2 AR 0 AUR
ISR F g™ XA AT DL o e 2% 1 Jr AR A AT Lo e AR e 45 1 g
PRI Vi hg , S A 3 S — T W 8 FH 0R 27 AV S0 A AT R A 4
BFILGIG IR 5 75— J7 IR IS B Sk AU G 2R 10 S R R A ok R = AR
P RUEOR R Az A e S

=. BERGaRR M BB R H A A2

BREE TR B BURT A B AL 2030 25 o, e 55 000 A 0 | B
& A DA DO R IESFEUS TIRE . BUSS A A B TR BUR 1B 1T A
PR BORT RS i AR T UG IR BLACRE . ORI, B B A 0 5 I A U A
W TE T AT 1, 2 AT B 60 e 14 28 3L DR S U, ST 8 Sl A S5 U7
A B SR A SRR Z A P R, S EORE SR IR E L. A3
FERTTEUA N 18 FHEE A0 B e 1) B BL TR B A5 B S AU
M HTHESE BB 55 B0k AR SRR A s R H o R AE AR A ] BT[] ]

@ Andrew Rehfeld, The Concept of Constituency ; Political Representation, Democratic Legitimacy
and Institutional Design, Cambridge: Cambridge University Press, 2005.
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JRF RS I 55 T O R S AR A el e L IAT 1), A4 T T I R B i B g
Bt . FR eR AR B DA L At T G i o SR, JCIE R B i R i 2
B R PR, Y HUARAALESAL () DT[] 0L ey "™ ol 2, AR P S L 5
PRI 2 -

TR ISR T THT , LSS TR0 T LA 45 2647 BORUIE AL s AT Bl At &
AT T S B A S AR | 47 R A5 0 ) 22 Mk ) R L 1K )
S RIBIR AP RS HE , [F AR 02 1358 AT 55 B A, IBCRIDC 2 A2+ 19 4
B o TR a2 EL ik A 55 B pR R0 R i B TR A
AUIE AT Ficd” b I (O AnA PRI ) sidn (i antt AR SR ) i 4 R A 28
SR EEIT R BT ETT A A B, BVBURAE B RO 55 T R AR 2 4 B
1o AR R A B , 0 AR SR A RO PRIA TSR BE I s A e AT
HUIR S5 2045 , 3 S8 K i 0 5 3R T U IR S BN R R o 1 KU e 55 7 ( data
broker) BEATRCHE R 1977 20t AT o Bildn, SEIEIAY SocialNet 23wl 2 %
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ERITIRSS , EARAENS 4Bk 120 24158 6 LA S B e il Al RSS 5tk vp 5
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(/NS

TERAE HE A5 7 1T, DA B DR S0 i A T 808l o, 000 D o i kAT — AR 571
HERARAE, (L A5 R 15 Uk (data cleaning) MIFFAE T4 (feature engineering) o 7
6, AR RS WATTER A G — P IR S 24 M AR ARA A
BRI AEL B R R 00 57 N (AL R0 26 Il R [, i BE X LA T i 0 L L
fAD L (FrifEAl A —A6 470 VB (R 03 R AR ()2 ) 55
r B K7 S A B B R R AR A AR e o SR A s . A
SEEER b, P T INZRE 1 i R824 SUmURR Ak 5 5% U ek 4k [ e, SR B 47 3t
FIRAAR RS 120 B RVRFAE TR o 23019 5 2 BUSF L K AN — 20l 55 A
D5 E T RRINEESS A S8 A ( domain knowledge ) HEATRUHEAR R , FFAFIE 1E
P PR AR | DA e, B 4 v H B 9 s 4 (fit-for-purpose
data) o B ERT T 2B IE RO ], BT A Sh B
(ADP ) HEZRAN TR, JER OR381E RE B AS T B 485 0 3l 8 A0 £ T 25 1)l 55
HR

SR, 0% AR5 WACHR SR8 1 5 7 B i e AR MR IR 5, PR BRAE A 1) 5%
AR 2 B o 165, AEBAUTT H, SR RAR AL 45 07 R AR Y, 22 R 25
ANHIGE B C AR SE RS 7 A2 B e MR e AT e 2o TG 05 Ui 57 CRAE AR
B o ERIR R IER T 0 R ) S R A e D e SN B P O
A RZ PR £ 25 (R A RO o 7 22 S AU, Bl S 4 4V RO 9, L
PR JEBRVF ORI IE 2010 o AR, 5 BT S B B S ] v 77 £ R A
WL, ISR FTAT BB AR S Wt S 2 A i Ja 1 i 2 A A A E
BERAEAR L W R R AR 5 AR E 2 50 AR, NBGA AR B9 A B R
BB N B SR A A B SR ™ (9 S i, 7 T TR a5 TR I, 52
B A T BUM B SSHE AN 7%, iid B W AT SEBRPE B BRI P o A, BRAR L
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ZOMITERE A SRl o i Ay R B9 3003k J 2R, DR Ao i e PR 5 R 1
SPERUERRYE RIT B A BT . — 7 W, STAE A TSI, B R e 22 5
AP RS B B 0y SOk, A% AR TE] (4 A A T AR AS TR, 0 O
GRS A R 2% AR A i AHE LGB0 A OB A S BEAE T, I 2 4% b
2 A S 5 45K, BOMENRG N2 1 R 52 5 o5 — 7 1T, 2 RS AR BUR] 4t
(EREN , BOMEAFEAR 5 1 0 5 RN 18 A R d B IE A B I BR AR A 3l
AL B S AT o BN, Bs A 3R ) e 75 By A ik AU Bl R W 750K H
FUIRIE A B 1 58 UG SR B R T Sl 55 S AR . AL TRUR
FIHHOLI L RAAHE LK A 0 47 M 5 ARk A St Rk S A 7R, o
AT AR SR 5

= AR IR T, RO A A T A L AR A R A [ o i Wi R R K o
i T REAR T I TR A A, A, SR MR 5 T RS L I 2 A
BB USRS , Ok i R i A0S B 214, T ISR A 4 2 2
ol B A B o R I A IR ER T 0 AR 00 ) 8 1 e R DR 22
S5 I S SO i A\ e R P RSO, X F R AR = AR A A R R PR
b BE A GE AECHE A A A BGE 1 4% 28 EE DI 55 SR BEAT FR RS SR (B
W0 BRI, e 28 FOARMERT (RACH AR A AR (1947 O $18 4 X A oRofe b o —
7T B Al A2 FIAL B B 45 52 2%, AR A MR FLslE T 41 v (o) 2 i %
SEEANMIIRSS ) o 3 —T5 T, B AN i A28 UEAE REBK, SR AT A SR A [N
RRAMELIUE . P, BURM A AR D 5 42 T, A A Kl A 25 i v i
AL, FT AR (o] 7 s R AN (0] B, 0 e B0 6 1 2 SR IR PR HE R 28 I

ARRSE [ 52 (9 9900 0 8 55 55005 D 1, O 1 4 2l 5 55 Sk A R g LT
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(reactive ) [a] “ T 1™ ( predictive ) #% 7Y, Wi 5 1E B0y F #E gl “ % 55 TAR L
7@, it far 2= BTARHSREPE R T CAS AL AR B0 2R 45 , S I st A0 3R S0
SIS WA B Bl A R T Suk T AR R KU , ASERE 25 55 B JRUR RO B2 R0 38 A T
0PRSS A i 1 M X o A b o 55 T AR 48 KrimPro 15 4 %) 73 24
4 500 AR A T W EE M2 fi 45 2 Xl TNt 2 LR, 410 16 T 9 e A2
W@ 3 % AZ WU R AL T LA AR 43 Hr A0 ” (Real-Time Crime
Analysis Center) , #8251 T4 BESR 12 A AL AR P 2R ¢ , FLASCH R A MR ] LUK
HERIN o i 60 A~ 3% [ i 7 3 55 A R T 2R NI A3k AR 48 (il dn
PredPol Z2 4t Hl HunchLab R %%) ,iIXLE R GRS FA T 4 I0 REEE (L5
P PR AT R s UIR RSB T SR 55 MG 5 ) o BRI R 5
TERGA B THRTHA 28 BN AR BB IOALRE , FRARAIE T8 s i 2 L3
(EUE: , HEAE SO SO RS Y A 819 o A ™ B A R R TR A

X U 55 AR AN 1) 5T 0 [0 ] = AN A 4 2 A A ™ R, B U
IR BTN, 2> BRI LIS 5 55 533 T e 3 Mt P 3 St
AR BT, AU 2 AN 24 TE A 4 19 28 BB A VR 8 AR ToRoBb .
T 55 R R o R R — R AL, 3L 10 A A sl 4R
TETCEALEIE T, 2 R AT I Sl 8 T JC 20 A g sk ot , A
RIGSHPCE THLER I B S IE S B Z T o« OHU, B BT R T 87 72 1T A
LA MRS REA TR AE AR I, BB S 0% , O A 55 R et 2=
WSS IR R A AR O AN 2 T KR o W5 R B, 56 1 8 55 a5 ol A7 A
TE AR EPEIETA BRI 22 Bl BRI LA B 45 4 R ) AR,
SR AT A 28k AU Fg S A A o B AN HE B AT B T i DL

@ Andrew Guthrie Ferguson, The Rise of Big Data Policing ;: Surveillance, Race, and the Future
of Law Enforcement, New York: New York University Press, 2017.

@  Albert Meijer, Lukas Lorenz and Martijn Wessels, “Algorithmization of Bureaucratic Organi-
zations: Using a Practice Lens to Study How Context Shapes Predictive Policing Systems” , Public Ad-
minisiration Review, Vol.81, no.2(2021), pp.837—846.

(® Sarah Brayne, “Big Data Surveillance; The Case of Policing” , American Sociological Review ,
Vol.82, 1n0.5(2017), pp.977—1008.

@ Andrew Guthrie Ferguson, “ Policing Predictive Policing”, Washington University Law
Review, Vol.94, no.5(2017), pp.1109—1189.
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Bk ARG (automated decision-making system ) , 5 5 5575 AR GL K& £ L5 i
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RGUREEE (TR 77 0 SR R A AR TR ) f9 2o 2 AN TR i 4t 00 o ) AL 4 i
Mo BRI, 1 R [RIAEAFAE B | [l ST Rl 4E 1 B OB o

BOo5 Bk ARG — B 24 7 S ll 55 K B HE D RE AR F 0 T AR O KA
X, PSR AL AL 5 2 M TR AR B A UL 5 U R B Bl v i 22 G R 9
8 2o 0 A A 6 i 4 30 A 8 TR 285, R 01— AR R A o () 3% O g
Pk ROC #hZk55) HEAT RGN REVEAY , e Jm I T RE A SN2 AR AT 2485 SR 1) T30

@ Rashida Richardson, Jason M. Schultz and Kate Crawford. “Dirty Data, Bad Predictions:
How Civil Rights Violations Impact Police Data, Predictive Policing Systems, and Justice” , NYU Law
Review Online, Vol.94, no.15(2019), pp.15—55.

@ Ales Zavrénik (ed.), Big Data, Crime and Social Control, London: Routledge, Taylor &
Francis Group, 2018.
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SR A MU A AN STAL I LA Z 80 S0k A ) 5 T 43 ST i) 52 A1
FIRMIBT, A SO T DL R AR A o SR M) 52 5 18 SR 5
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@ Jenna Burrell, “How the Machine ‘ Thinks’: Understanding Opacity in Machine Learning
Algorithms” | Big Data & Society, Vol.3, no.1(2016) , https://doi.org/10.1177/2053951715622512.

@  Christoph Molnar. Interpretable Machine Learning: A Guide for Making Black Box Models Ex-
plainable, 2019, Lulu.com. Isabelle Guyon et al. (eds.), Explainable and Interpretable Models in Com-
puter Vision and Machine Learning, Cham: Springer International Publishing, 2018.
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@  Ales Zavrénik, “ Algorithmic Justice: Algorithms and Big Data in Criminal Justice Settings” ,
European Journal of Criminology, Vol.18, no.5(2019), pp.623—642.
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@ Danielle Kehl, Priscilla Guo and Samuel Kessler, “ Algorithms in the Criminal Justice
System: Assessing the Use of Risk Assessments in Sentencing: Responsive Communities Initiative” ,
Berkman Klein Center for Internet & Society, Harvard Law School, 2017, p.10.

@ Eugenie Jackson and Christina Mendoza, “Setting the Record Straight: What the COMPAS
Core Risk and Need Assessment Is and Is Not” , Harvard Data Science Review, Vol.2, no.1(2020),
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ST RILR AR FAR AL A B L i i 25 RO X e 1 AR
P PR LA i S A P PR ARTL 485 X R 55 0080 19 300 R SR RE 7™ He R S T
. JCRTIE TR e 2 4 R, FLL e AT A PR RS A2 1R IR,
PR RE VR R H AR T A SRR R R UL 55 BOE AL O A1 Bk ok
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@ Cynthia Rudin, Caroline Wang and Beau Coker, “The Age of Secrecy and Unfairness in Re-
cidivism Prediction” , Harvard Data Science Review, Vol.2, no.1(2020), https://doi.org/10.1162/
99608192.6ed64b30.

@ Min Kyung Lee, “Understanding Perception of Algorithmic Decisions: Fairness, Trust, and
Emotion in Response to Algorithmic Management” , Big Data & Society, Vol.5, no.1(2018).
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RIS S5RPR, 7 HEAT7 PR AR TR IR B
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@ W Shira Mitchell et al., “Algorithmic Fairness: Choices, Assumptions, and Definitions” ,
Annual Review of Statistics and lis Application, Vol.8(2021) , pp.141—163; David Weinberger, “How
Machine Learning Pushes us to Define Fairness” , Harvard Business Review, Nov.6, 2019, https://hbr.
org/2019/11/how-machine-learning-pushes-us-to-define-fairness ,

@ Nima Kordzadeh and Maryam Ghasemaghaei, “ Algorithmic Bias: Review, Synthesis, and
Future Research Directions”, European Journal of Information Systems, Vol.31, no.3(2022), pp.
388—409; Jenna Burrell and Marion Fourcade, “The Society of Algorithms” , Annual Review of Sociol-
ogy, Vol.47(2021), pp.213—237.
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D R AR ETCIEBAT o N2l 55 U A 1 PR R M S ARAR B, 7 ok
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@ Stephan Buijsman and Herman Veluwenkamp, “Spotting When Algorithms Are Wrong”,
Minds & Machines, (2022), https://doi.org/10.1007/s11023-022-09591-0; “What Happens When
an Algorithm Gets It Wrong” , MIT Technology Review: https://www.technologyreview.com/2020/
08/12/1006636/face-recognition-algorithm-false-arrest-police-robert-williams/ , i [0] H 1] : 2022 4F 4
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A S 0 AR R B BRI D S HH TR B MR T+ BEALRE , (EUR 0k
RS 5 AR B i BT AR AL ) SR A =AU PEA A i = TRk
G TERA L SR A AR AR A SR FUR A B R A A
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202244 A 15H,

@ 2 htips ;//algorithmwatch. org/ en/syri-netherlands-algorithm , {5 [a] H 1] : 2022 4 4 H
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@ 2 W, https ://www.theguardian.com/ technology/ 2020/ feb/05/ welfare-surveillance-system-vi-
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300

_________________________________________________________________________________________________________________________________________________________________________________________



________________________________________________________________________________________________________________________________________________________________________________________

SRS B M SR GEIR R BUA AU A A

BEAAEATEA SO0 PRI E TR 8 Ak A2 T o d, B e A [
FYAVE o BEA A FE A I AR A [E K (repressive welfare state) o £ [ 3¢
b, SyRURHE RGAEBA i B R T PRGN E AT o 2017 454 22 BRI 46
#00JF SyRU AR GER FAE AR, iy R A 2 il 75 A AR e 220 3R i ™ 2
R 7 HE O RE B TR (S B RE D 3O 76 IR 2 AR ) 19 i DL  IBE AL 1 F 1
WA, Sk RGIT A a 4E I L3 IT 04, A A i BUR R T T IF A
PRI 1T IR, B e IR SR S AT IR U 1 SR s — N Sk T
VESEA AN I, A S HR AR FL AR A SR R 45 4 AR L5k T
o TR T TR SEMERE o A2 [T L, SyRT 593k AR GE AN i th 45 R AR 58 42 e , 16 71
GTNE /3o i I W QD /AR PR /NP 73 2 < 7 AU DIV 31 RO 1
AR A AN B 5 EE iy AN 35 T SCAS AL R, S ORI A RIS FAE
AAETT AT BUR DR, STBCA IR B O OTE, S ERT B S E AR
B, BTG HE LA 5 o A B SRR S B R l fd 152 , 91) an 553 ARAH  BE FHE UK
R E BB AL A D AN SR B . H G 2 TR HRROEE MR I AR IR
K, — L5 BE R AN (A T BAL 1 8 2 S BORBE B A X VR 2, T
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@ S W faj 22 WK Trouw i) 25 A 45« hitps : // www. trouw. nl/tag/syri, 17 [8] H 1 : 2022 4=
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(@ Virginia Eubanks, Automating Inequality: How High-Tech Tools Profile, Police and Punish
the Poor, New York: St. Martin’s Press, 2018.

(® Zeynep Engin and Philip Treleaven, “Algorithmic Government: Automating Public Services
and Supporting Civil Servants in Using Data Science Technologies” , The Computer Journal, Vol.62,
no. 3(2019) , pp.448—460.
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